vinemyaawidy dneuanensmnsiSunstend

47413

$1UUNITITY

&
1iD3

mpdsanuntennAE
SEMANTIC IM

7 s:'f . g
mmq o o wT e Pt Tt
uvh’i Z ? ;&j FAAUNNIE SN U UL
AGES INTERPRETATION USING ‘

SING A SIMILARITY ME/

T sEEm g

GRAPH MAICH

AV AN S i hg\"‘a

< M
- = o et 9 &
YO AV BIO R LI HY

i
:‘5‘,

ChANTDT M mANGT

SR I REEY l-Z—d‘—J
<
o o B
Q’Q’é np"?'}‘&f’ﬂ

< = Q ®
3 eZ ¥ eF %
& S
'*famiﬂ S & B Igse IR
o K e ¢ L [0 S £ ] /
-] BFINE YRS T B 58 6o - a

3 .v-.-.-da.w o i.. € a..-u.u\n-.o “ Filee & Phws e & 23 S5 Ai5i0 (AVA LS

-

50
1.8 &%

i ot
-

"\ .
W



b 001 ‘5 (L O\) A Faedynewidy nuanenanmitifuusin@

T

S1B9IUNITIAEY

‘ 584

NM5ulamuBINENINAIBITNITINANNAII SN UTBINIINULUUIUA

Y

Semantic Images Interpretation using a Similarity Measure with Graph Matching

Tog

Al uiladous

N INBaegInAUnding
‘swmmnams‘ﬁﬂﬁ“lﬁ%'unuqmmgumnu‘m‘inmé’ﬂqsﬁaﬁm‘ﬁmﬁ

W.A. 2554



Hai3aq - 1 msulaanuminenmdreIsmsiaanuadienuveans iluuuiug
(33 2 dmimeia Fuilydus CRINY D amInenagsnatndiod
Uiina D WNSANTIY 2555 aouiifiant :  uiInendegsiniudind
wasiiunsnumNisadusnysal 1 quiilsnminndegsivtuding
IMNURNIRE : 72 Wi duand D amInendegshavmdiag
AaAny ¢ msUszanaramw, W, MeeNNeaanuaInIW, MIUnIN
v
unange

L 247413

NanmszauaiaiiauazaunsalmamudanalanannagenaFaum limwe

CY

MWAEINS FHhuieannzy mldmsianudayamwiinany mlimsdududayann

v
U o

13 Vv v I ° A' g | e L
LLBST\]'ILLNﬂ?JEJ?;IJBﬂ"IWI‘ﬂG]’NGﬂNﬂ'NNW31'12]’(1ENJT]WNﬂ’J’]Nﬂ'lﬂa'lU'lﬂLWN‘ZluL‘duﬂu ANUUN

DUIREINNINENENENNILANAUNTELIUMS Dana3finan pivah IniAaanuiawalaze]ld

[N -~

nnige uaadnlsnan msduaundamsdiuundayamwarulugiinazdlaiswanny

wilaufiuzasinghunnguumwiniy zdsldiieawadamsulasnuvanegfiuias

9,
a o

NdeilaiauadIsmsluidvsumsulannuninemndlsdisnmsiaanundionu

' v
! A

@ @ 1 =]
"Uﬂﬂﬂ§1wu'ﬂ1ﬁ]UﬂlW'ﬂi%iui&’ﬂUﬂ’]iﬁUﬁu Iﬂﬂﬁ‘ﬂ\ﬂ/ﬂlﬂ 3 muﬁa (1) MIUNNNIN (2) NI

U

v
S

o @ o a o 1 { <
AIHUAAILUNUAIIUTINY 3) ﬂ1§ﬂ1ﬁuﬂ3%ﬂ1§%u%ﬂ31ﬂﬂ“]ﬂ Iﬂﬂ‘ﬂﬂ?uﬁ 1 lﬂuﬂ"|5n1ﬁ
@ v ) [l ~ [ ) v a
ANUHUIYVDIAYUAUVUNINAIVUTIUVDYA aIuUn 2 ll]ufﬂillﬂuﬂﬂlaga'ﬂuﬂ17‘lﬂ’lmlu’lﬂﬂ
' 9y <] @ Y o @ ' Ay v o

ns I ﬁ?uq@]ﬂ']U!‘]_Iuﬂ‘]ﬁ')ﬂﬂ’ﬂ“ﬂﬁ’]ﬂﬂusﬂﬂQﬂ51w!l‘U‘Uﬂ‘Uﬂ Nﬁﬂllﬂ%'lﬂﬂ'liﬂ'll!uﬂﬂ'nllﬁ1J1Uﬂ1w
) anA o vier ° Y 1 amd PR ¥

Y ']‘ﬁﬂu“ﬁuﬂiﬁMUfnllﬂlﬁﬂﬂ‘uluﬂﬂ’J']llﬁiJ’lﬂsllﬂﬂﬂWWllﬂﬂﬂ'JTJ‘ﬁf’Ju"v] llazllﬂﬂ']ﬂ?'lﬁgﬂﬂﬂﬂ'q@

=
03 88.81%



Title - ¢ Semantic Images Interpretation using a Similarity Measure with Graph Matching
Researcher : Nutchanun Chinpanthana Institution  : Dhurakijpundit University.
Year of Publication : 2011 Publisher - : Dhurakijpundit University.
Sources : Dhurakijpundit University Research Center.
Number of Pages . 72 Pages Copyright  : Dhurakijpundit University.
Keyword : Image processing, Graph, Similarity Measure with Graph Correlation, Image
Classification

Abstract

247413

Searching images their semantic is an active problem in multimedia image retrieval.
Many researchers have attempted to improve semantic models by using high level concept
based on keyword annotation. However, the annotation is tedious, in consistent, and erroneous.
The retrieval process of such approaches is done by keyword searching. This model is rather
rudimentary and it does not specific enough for representing the actual meaning.

This paper presents a new approach to represent the semantic concepts that support the
semantic image indexing and retrieval systems. The approach is composed of three main phases:
(1) image annotation, (2) semantic representative, and (3) semantic schema matching. Phase
1 is labeling the salient contents into content archive. Phase 2 is representing an image into
the conceptual graph. Last phase is finding the similarity matching between the conceptual
graph and representative graph. The results are compared to the classification methods. The
experimental results indicate that our proposed approach offers significant performance
improvements in the interpretation of semantic images, compared, with the maximum of 88.81%

accuracy.
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